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Abstract — Depression and anxiety disorders represent two of the most prevalent mental health conditions worldwide and 

contribute significantly to the global burden of disease. Accurate clinical assessment plays a crucial role in identifying these 

disorders, guiding treatment planning, and monitoring therapeutic outcomes. This cross-sectional analytical study examines 

clinical assessment models used in the diagnosis and evaluation of depression and anxiety disorders and explores the 

integration of traditional psychometric methods with emerging computational and AI-based approaches among 226 

individuals. Integrated assessment models combining psychometric screening tools, cognitive frameworks, and digital 

mental health analytics provide more comprehensive diagnostic insights compared with single-method approaches. Network-

based models demonstrated the highest predictive accuracy in identifying symptom severity (F=6.14, p=0.002). Continued 

research into digital mental health diagnostics and computational psychiatry may further enhance the accuracy and 

accessibility of mental health assessments.   
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1.  Introduction 
 

Depression and anxiety disorders are among the most 

common mental health conditions worldwide. The tripartite 

model proposed by Clark and Watson (1991) suggests that 

depression and anxiety share a common component of 

general psychological distress while also possessing unique 

features such as anhedonia in depression and physiological 

hyperarousal in anxiety disorders. Beck et al. (2003) 

proposed a cognitive content-specificity model suggesting 

that individuals with depression exhibit negative beliefs 

related to self-worth and hopelessness, whereas individuals 

with anxiety display cognitive distortions related to threat 

perception. Cai et al. (2024) demonstrated how network 

models can provide valuable insights into the complex 

relationships between depressive and anxiety symptoms. 

Nemesure et al. (2021) developed predictive models using 

electronic health records to identify individuals at risk of 

depression and anxiety disorders. 

 

AI-based innovations may support clinicians in 

developing more precise diagnostic tools and personalised 

treatment approaches (Devi et al., 2025; Shanthi et al., 

2025; Catherine et al., 2025). Socioeconomic inequality, 

occupational stress, and limited healthcare access can 

significantly influence mental health outcomes (Ashifa, 

2021; Kariveliparambil et al., 2026; Rekha et al., 2026). 

Mental health literacy and psychosocial resilience influence 

engagement with clinical assessment and treatment-seeking 

behaviour (Elkin et al., 2025; Ranganathan et al., 2024; 

Zahoor et al., 2025). Occupational health challenges and 

work-life integration difficulties compound the risk of 

depression and anxiety in working populations (Gayathri et 

al., 2025; Vettriselvan and Rajan, 2019). Physical health 

consequences of psychiatric conditions including 

schizophrenia further illustrate the intersectionality of 

mental and somatic health assessment (Ashifa, 2020). 

Community-based rehabilitation programmes support 

recovery from depression and anxiety through social 

engagement and skills development (Ashifa, 2019; Rasi 

and Ashifa, 2019). Patient empowerment through 

knowledge transfer and educational rehabilitation strategies 

supports sustained engagement with mental health 

assessment and treatment (Vettriselvan et al., 2026). 

 

2. Review of Literature 
 

Clark and Watson (1991) introduced the tripartite 

model, which proposed that depression and anxiety share 

common emotional distress while also exhibiting distinct 

psychological characteristics. Beck et al. (2003) provided 

empirical support for the cognitive content-specificity 

model. Cai et al. (2024) demonstrated how network models 

can provide valuable insights into the complex 

relationships between depressive and anxiety symptoms. 

Nemesure et al. (2021) developed machine learning models 

capable of predicting depression and anxiety risk using 
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electronic health records. Chow et al. (2017) demonstrated 

how mobile sensing technologies can monitor behavioural 

indicators associated with depression and social anxiety. 

 
Advances in computational psychiatry and digital 

health platforms may enhance diagnostic accuracy and 

facilitate personalised treatment strategies (Devi et al., 

2025; Shanthi et al., 2025). Digital health marketing and 

machine learning platforms improve awareness about 

depression and anxiety assessment services (Swadhi et al., 

2025; Jenifer et al., 2025). Strategic collaborations in 

medical innovation accelerate development of AI-driven 

psychiatric diagnostic tools (Vijayalakshmi et al., 2025). 

Self-leadership skills and emotional intelligence support 

mental health assessment quality among nursing and 

healthcare staff (Mustafa et al., 2026; Zahoor et al., 2025).  

 

The social wellbeing of elderly populations and tribal 

health determinants shape the presentation of depression 

and anxiety across diverse community settings (Ashifa, 

2022; Ashifa, 2021; Kariveliparambil et al., 2026). 

Rehabilitation and patient education strategies support 

sustained recovery from depression and anxiety disorders 

(Vettriselvan et al., 2026). 

 
3. Objectives 

 

• To evaluate the prevalence and comorbidity of 

depression and anxiety disorders among individuals 

seeking clinical assessment. 
• To compare the effectiveness of different clinical 

assessment models including the tripartite model, 

cognitive content-specificity model, network symptom 

model, and standard psychometric scales. 
• To examine the potential of digital health technologies 

and AI in improving mental health diagnostic accuracy. 
• To propose clinical practice recommendations for 

enhancing assessment and management of depression 

and anxiety disorders. 
 

4. Methodology 
 

A cross-sectional analytical research design was 

employed among 226 participants aged 18–60 years 

presenting with symptoms of depression, anxiety, or related 

emotional disturbances in psychiatric outpatient 

departments, mental health clinics, and community 

counselling centres. The study examined clinical 

assessment frameworks including the tripartite model of 

emotional disorders, cognitive content-specificity models, 

and emerging network-based diagnostic approaches. 

Statistical analysis used descriptive statistics, ANOVA, and 

regression analysis at p<0.05. Ethical approval was 

obtained with informed consent from all participants. 

 

5. Results and Discussion 
 

Table 1: Demographic Characteristics of Participants  

(N = 226) 
 

Variable Category Frequency Percentage (%) 

Age Group 18–30 years 64 28.3 

 31–45 years 92 40.7 

 46–60 years 70 31.0 

Gender Male 124 54.9 

 Female 102 45.1 

 
Table 2: Prevalence of Depression and Anxiety Disorders 

 

Disorder Type Number of 

Cases Percentage (%) 

Depressive disorders 96 42.5 

Anxiety disorders 78 34.5 

Mixed anxiety-depression 38 16.8 

Other emotional disorders 14 6.2 

 
Table 3: Clinical Assessment Models Used in Diagnosis 

 

Assessment Model Frequency Percentage (%) 

Tripartite model 78 34.5 

Cognitive content-

specificity model 62 27.4 

Network symptom model 48 21.2 

Standard psychometric 

scale assessment 38 16.9 

 
Table 4: ANOVA Analysis: Symptom Severity by  

Assessment Model 
 

Assessment 

Model 

Mean 

Symptom 

Severity Score 
F-value p-value 

Tripartite model 3.74 5.62 0.004 

Cognitive model 3.58 4.89 0.007 

Network model 3.81 6.14 0.002 

Psychometric 

scales 3.46 4.31 0.010 

 

Network-based models demonstrated the highest 

predictive accuracy in identifying symptom severity 

(F=6.14, p=0.002), conceptualising psychiatric symptoms 

as interconnected systems rather than isolated diagnostic 

categories (Cai et al., 2024). 
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A significant proportion of individuals exhibited 

comorbid symptoms of both depression and anxiety, 

consistent with previous research (Clark and Watson, 1991). 

Mobile sensing technologies and digital health platforms 

allow clinicians to collect behavioural and psychological 

data in real time, improving the accuracy of clinical 

assessment (Chow et al., 2017). Predictive modelling using 

electronic health records has demonstrated promising 

results in identifying individuals at risk of depression and 

anxiety disorders (Nemesure et al., 2021). Social 

determinants such as socioeconomic stress, occupational 

pressures, and limited healthcare access contribute 

significantly to psychological distress (Ashifa, 2021; 

Ranganathan et al., 2024). AI and digital technologies may 

further enhance personalised assessment and treatment 

approaches (Devi et al., 2025; Shanthi et al., 2025). 

 

6. Conclusion 
 

Depression and anxiety disorders represent two of the 

most prevalent mental health conditions worldwide. The 

tripartite model, cognitive assessment models, and 

network-based symptom models each provide valuable and 

complementary perspectives in clinical assessment. 

Network-based models demonstrated the highest predictive 

accuracy in identifying symptom severity. Integrating 

traditional psychometric assessment tools with cognitive 

models, network-based diagnostic frameworks, and 

emerging digital technologies provides a comprehensive 

and effective approach to assessing depression and anxiety 

disorders.  
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